As awareness of the limitations of relying solely on income to measure poverty and social exclusion has become more widespread, attention has been increasingly focused on multidimensional approaches. To date efforts to measure multidimensional poverty and social exclusion in rich countries have been predominantly ad hoc and have relied on data that are far from ideal. Here we apply the approach recently developed by Alkire and Foster, characterized by a range of desirable axiomatic properties but mostly discussed so far in a development context, to European countries, exploiting the potential of harmonized microdata on deprivation newly available for the European Union. The analysis seeks to overcome the limitations of the union and intersection approaches that have characterized many earlier studies. Multidimensional poverty is characterized and decomposed in terms of the contribution of different deprivation dimensions, and an account of cross-national and socio-economic variation in risk levels is presented that is in line with theoretical expectations. Multilevel analysis of multi-dimensional poverty provides the basis for assessment of the role of macro and micro characteristics and their interaction in relation to levels and patterns of multidimensional poverty and social exclusion.
Introduction
In developed as well as developing countries, attention has been increasingly focused on multi-dimensional approaches to measuring poverty and social exclusion, identified by Kakwani and Silber (2007) as the most important recent development in poverty research.
Non-monetary indicators are increasingly available and used in this context, either separately or in combination with income, in individual OECD countries as well as at the European Union level (Nolan and Whelan, 2007 , Förster, 2005 . A variety of sophisticated analytic strategies have been employed in individual countries to explore such issues, including latent class analysis (Dewilde, 2004 , Moisio, 2004 , Grusky and Weeden, 2007 , Whelan and Maître 2005 , structural equation modelling (Carle et al 2009 , Tomlinson at al 2008 , item response theory (Capellari and Jenkins, 2007) and self-organising maps (Pisati et al 2009) ; there have also been comparative applications drawing on EU-wide survey microdata, despite limitations in the dimensions covered by available indicators to date (Fusco et al 2010, Nolan and Whelan, 2011) . Debate on methodological approaches has been vigorous, focusing inter alia on the value of summary indices for communication to a wide audience versus the arbitrary nature of decisions required in combining distinct dimensions in producing such indices. Here we apply the multidimensional poverty measurement approach recently developed by Alkire and Foster (2007, 2011a, b) , the subject of considerable attention and debate (see for example Lustig, 2011 , Ravallion, 2011 , Thorbecke, 2007 but framed more in a development context than in a rich country one, to the countries of the European Union making use of newly-available and richer comparative data on various aspects of deprivation. Our results bring out the relevance of this approach in such a context, and help to illuminate on-going debates about the measurement and targeting of poverty and social exclusion in Europe. Bourguignon and Chakravarty (2003) provide a framework for multidimensional poverty measurement involving both an identification function for counting the number poor and a poverty measure that combines that information into a statistic summarizing the overall extent of poverty. Axioms analogous to the ones used in the unidimensional case ensure that the measure properly reflects poverty, can be decomposed by sub-group and is consistent with the identification function. The simplest summary measure is the number of dimension on which an individual or household is deprived, which Atkinson (2003) refers to as the 'counting' approach. Atkinson (2003) distinguishes between the union and intersection approaches, the former counting as poor those deprived on any dimension while the latter counting only those deprived on all dimensions. As Alkire and Foster (2011b) note, while the union and intersection approaches are easy to understand, they can be particularly ineffective at separating the poor from the non-poor, with the former tending to identify implausibly large numbers as poor and the later tending to capture tiny minorities.
The Alkire and Foster Multidimensional Approach
A key motivation underlying the recent methodological contributions of Alkire and Foster (2007 , with concrete applications in a development context (Alkire and Santos, 2010 and Alkire and Seth, 2011) , is to address these shortcomings. Their procedure involves a dual cutoff approach. Given a vector z= (z 1,……... z j) of deprivation cutoffs, one for each dimension, if a person's outcome on a given deprivation dimension j falls short of the appropriate threshold z j then the person is said deprived on that dimension. A vector of weights w= (w 1,…………. w j) is used to indicate the relative importance of different dimensions; if each deprivation is viewed as having equal importance, all weights are one and sum to the number of dimensions. A column vector c= (c 1, ……….. c j) of deprivation counts reflects the breadth of each person's deprivation. In the case of equal weights, the i th person's deprivation count is simply the number of deprivations s/he experiences; more generally, it is the sum of the weighted values of the deprivations experienced by i. A cutoff point 0 < k ≤ d is used to determine whether a person has sufficient deprivations to be considered poor. If an individual's deprivation count is k or above the person is identified as poor.
Following Alkire and Foster (2011a) , the transition between the identification and the aggregation steps is best understood as involving a progression of matrices. The achievement matrix Y shows the outcomes of n persons in each of d dimensions. The deprivation matrix g O replaces each entry in Y that is below its deprivation cutoff z j with the deprivation value w j and each entry that is not below the deprivation threshold with 0. It provides a snapshot of who is deprived on each dimension and how much weight the dimension carries. The censored deprivation matrix g O (k) multiplies each row in the deprivation matrix by the identification function. If a person is poor, the row remains unchanged; but if the person is not poor the deprivation information for that person is replaced with zeros.
Censoring is central to the method since the censored matrices embody the identification step and provide the basis for the aggregation step. The original deprivation matrices, by comparison, include information on the non-poor, which should not affect any measure that is focused on the poor. The aggregation step builds upon the standard Foster-Greer-Thorbecke (1984) methodology. Our focus in this this paper is on the adjusted head count ratio and its components. The adjusted head count ratio is defined as M 0= µ(g O (k)) or the mean of the censored deprivation matrix. The headcount H is the proportion of people who are who are multi-dimensionally poor. The intensity A is the average deprivation share among the poor. Alkire and Foster (2011a) demonstrate that for any given weighting vector their methodology satisfies decomposability, relocation, invariance, symmetry, poverty and deprivation focus, weak and dimensional monotonicity, non-triviality, normalization, and weak rearrangements for α ≥ 0; monotonicity for α > 0: and weak transfer for α ≥ 1.
Data and Measures
The data employed here come from the 2009 round of European Union Statistics on Income and Living Standards (EU-SILC), the EU's data-gathering process aimed at producing regular standardised data on poverty and social inclusion, which in that year included a special module on material deprivation. The availability of this module allows us to explore the dimensionality of deprivation in a more comprehensive way than has been possible to The dimensional structure of deprivation in the EU has been the subject of significant investigation, based on data from the European Community Household Panel and then on the more limited set of indicators included in the standard annual EU-SILC (see for example Layte, Maître, Nolan and Whelan, 2001; Whelan, Layte, Maître and Nolan, 2001; Eurostat, 2003; Guio, 2005; Guio and Engsted-Maquet, 2007; Whelan, Nolan and Maître, 2008; Guio, 2009 ). The broader range of deprivation items available in the EU-SILC 2009 special module has been analysed by Whelan and Maître (2012a) , whose factor analysis identified six dimensions of deprivation. Of these, we exclude the dimension relating to housing facilities because a number of the items it includes have close to zero level of deprivation in the more affluent countries, and also the dimension relating to access to facilities because it contains only two items. The focus of our analysis is on the remaining four deprivation dimensions, which are:
Basic Deprivation: comprising items relating to enforced absence of a meal, clothes, a leisure activity, a holiday, a meal with meat or a vegetarian alternative, adequate home heating,
shoes. This dimension captures enforced deprivation relating to relatively basic items. It is dimension that that has obvious content validity in relation to the objective of capturing inability to participate in customary standards of living due to inadequate resources. The factor loadings range from 0.761 for the leisure item to 0.412 for the shoes item. Our expectation is that, since households will go to considerable length to avoid deprivation on these items, the dimension will be significantly related to measures of current and longer term resources.
Consumption Deprivation: comprising three items relating a PC, a car and an internet connection. It is obviously a rather limited measure and it would be preferable to have a number of additional items. Our expectation is that the association with current resources will be weaker than in the case of basic deprivation since the items do not necessarily reflect capacity for current expenditure. The factor loadings range from 0.880 for a PC to 0.627.
Health: captured by three items relating to the health of the HRP, namely current reported self-assessed health status, restrictions on current activity and the presence of a chronic illness. Given the importance of age in relation to health we anticipate a relatively modest correlation with economic resources. The factor loadings range from 0.866 for limited activity to 0.764 for current health status.
Neighbourhood Environment: the quality of the neighbourhood/area environment as reflected in a set of five items comprising reported levels of litter, damaged public amenities, pollution, crime/violence/vandalism and noise in the neighbourhood. Given the importance of urban/rural residence and location within urban areas in relation to such deprivations, a much weaker association with resource factors can be expected. The factor loadings range from 0.693 for litter to 0.585 for crime etc.
The reliability for these dimensions, as indexed by Cronbach's alpha, ranges from 0.855 for basic deprivation to 0.633 for neighbourhood environment. Variation in levels of reliability is extremely modest. The availability of indicators characterized not only by high overall levels of reliability but modest cross-national variation in such levels, allow us to avoid the danger inherent in many cross-national studies of being unable to distinguish genuine substantive variation form variation arising from differences in reliability levels.
In constructing measures relating to each of these dimensions we have used prevalence weighting across the range of counties included in the analysis. This involves weighting each component item by the proportion of households in the overall pan-European sample possessing an item or not experiencing the deprivation (depending on the format of the question). In other words, deprivation on a widely available item or experience of a disadvantage that is relatively rare is treated as more serious than a corresponding deprivation on an item where absence or disadvantage is more prevalent. This implicitly involves a "European" reference point in relation to deprivation with a particular magnitude of deprivation being treated as uniformly serious across different counties. This is appropriate since we are interested in both within and between country variation and we wish to avoid any procedure that by definition reduces such variation. In a final step we standardise scores on each of these dimensions so that they have a potential range running from 0 to 1. The former indicates that the household is deprived in relation to none of the items included in the index while the later indicates that they experience deprivation in relation to all of the items.
The survey included a number of items relating to subjective economic stress, and rather than incorporating these into the measured dimensions of deprivation as some studies do, we keep them distinct in order to be able to examine the relationship between the extent of deprivation and such stress. For this purpose we construct a summary indicator of economic stress from a set of dichotomous items relating to difficulty in making ends meet, inability to cope with unanticipated expenses, structural arrears and housing costs being a burden. The individual items have been weighted by the proportion of individuals not reporting substantial stress on that item across the set of countries as a whole weighted by population size. The final scale has again been standardized so that scores run from 0, indicating experience of stress on none of the items, to 1 where there is reported stress on all items. The overall reliability coefficient for this scale is 0.70 as is the average reliability across countries.
Our multidimensional analysis of poverty focuses on the four dimensions described, together with the conventional relative income poverty measure (or 'at risk of poverty' as it is labelled in the EU's social inclusion indicators) framed vis-à-vis an income threshold set at 60% of median equivalised disposable income in the country in question. Weighting for population differences across counties, this income poverty measure identifies 17.3% of individuals in the sample as below the income threshold. For the four deprivation dimensions, there is no natural or readily-justified threshold which would distinguish in each case those who should be counted as "deprived". For the purpose of this analysis we have therefore taken thresholds for each dimension that identify about 17% as "deprived", i.e. the percentage below the atrisk of poverty threshold. While efforts to underpin specific cut-offs on those dimensions also have merit and are worth exploring, this procedure allows us to examine the extent of overlap across dimensions of income poverty and deprivation and patterns revealed by the adjusted head count measure in a context where the overall scale of poverty or exclusion on each dimension is similar.
We have chosen not to weight dimensions differentially, and the approach we have adopted minimises the impact of prevalence rates for individual dimensions on the adjusted head count ratio and its components. We define as multi-dimensionally poor those individuals who are above the specified threshold on at least two dimensions. Conditional on the choice of deprivation thresholds for the individual dimensions, this produces maximum estimates of multidimensional poverty.
The Relationships between Deprivation Dimensions: Censored and Uncensored Approaches
Before proceeding to look directly at the results of applying the adjusted head count ratio approach, we first explore the consequences for the relationships between our selected deprivation dimensions of moving from an uncensored to a censored approach. In Table 1 Turning to the censored data, we find a much more even pattern of correlation between dimensions, reflected in an average correlation of 0.325 which is almost double that in the uncensored cases. The correlations with economic stress are also more uniform with the ratio of the highest to the lowest correlation being 2.1 compared to 3.4 in the uncensored case. It is clear that, conditional on being above the multidimensional poverty threshold, the association between different forms of poverty/deprivation is considerably stronger. This in turn means that the number of individuals fulfilling particular intersection conditions will be significantly increased. In addition, as shown by the relationship to economic stress, the consequences of exposure to forms of deprivation differ for those above versus below the multidimensional poverty threshold. 
Multidimensional Poverty Levels by Country
In Table 2 we show the breakdown by country for the relative income poverty measure, M 0 the adjusted head count ratio, H the headcount and I the mean intensity. To facilitate interpretation we have ordered counties by their gross disposable income per capita. In column (i) we see the familiar pattern in relation to the relative income poverty measure with very modest variation across countries. Somewhat higher levels are observed in the counties with the lowest income levels. On the other hand, rates in former communist counties such as the Czech Republic, Slovakia and Slovenia are considerably lower than in a range of counties with higher income levels. Focusing on the H headcount figures in column (ii) we see that the number above the threshold, as a consequence of being above the threshold on at least two dimensions, reaches 0.196. In contrast to relative income poverty, we observe very sharp variation across countries, which is broadly in line with average income levels. The headcount figure ranges from a low of 0.046 in Sweden to a high of 0.550 in Romania. There is a clear tendency for the Scandinavian social democratic countries and the Netherlands (often allocated to the same welfare 'regime') to report rates that are lower than might have been expected purely on the basis of their average income levels. By contrast, Greece and Hungary in particular exhibit rates somewhat higher than one might have expected from their average incomes.
Column (iii) focuses on A the average intensity level among those who have been identified as multi-dimensionally poor. Conditional on being identified as poor the intensity levels are rather similar across counties. There clearly is a relationship between national income levels and intensity with seven of the nine counties with rates above 0.5 being among the eight lowest income counties. However, outside these counties variation is extremely modest. The headcount and intensity levels are clearly correlated but variation relating to former is a great deal more pronounced.
In column (iv) we focus on M 0 the adjusted head count ratio. This has a potential range of values going from 0 to 1. Where no one in the population experiences any of the deprivations in will take on a value of 0 and where all individuals experience deprivation on all items the value will be 1. 
Decomposition of Multidimensional Poverty by Dimension
One of the advantages of the M 0 measure is that it is decomposable in terms of sub-groups. A related property is that sub-group consistency, which requires overall poverty to fall if poverty decreases in one sub-group. Both properties are satisfied by the traditional FGT measures and also by the A-F methodology. M 0 is also decomposable in terms of dimensions.
In this case M 0 is equal to the average of the censored head count ratio for the individual dimensions and the percentage contribution of a given dimension to overall poverty is its weighted censored head count ratio divided by the overall adjusted head count ratio.
In Table 3 Multidimensional poverty is influenced by both deprivation levels and the association between dimensions. Individuals are counted as poor only where they are deprived on two or more dimensions. High levels of deprivation on individual dimensions together with low levels of association will produce low levels of poverty. For the foregoing countries the distribution of levels of deprivation and the degree of association between income poverty and health are sufficient to lead to these factors dominating while others play a much less significant role.
For countries in the middle range of affluence, individual dimensions contribute more evenly.
However, the role of consumption dimension remains modest in a number of cases and that of neighborhood environment remains variable. In France and Spain the relative income poverty measure, basic deprivation and health contribute relatively evenly while the impact of consumption and neighborhood environment are weaker. In Italy all dimensions, other than consumption, make a proportionate contribution. For Greece and Ireland we observe a relatively uniform distribution across dimensions.
For most of the less affluent counties, basic deprivation comes to play an important role while consumption and health contribute in a manner that is broadly proportionate to the marginal levels of deprivation. Neighborhood deprivation generally plays a modest role. The relative income poverty indicator, basic and secondary deprivation in combination account for between two-thirds to four-fifths of total poverty. In Romania and Bulgaria basic and secondary deprivation respectively account for 0.63 and 0.58 of total poverty. 
Socio-economic Variation in Risk Levels for Multidimensional Poverty
At this point we shift our attention from composition to risk levels and explore the extent to which the impact of social class and age group on likelihood of multidimensional poverty vary across counties. In Table 4 we break down M 0 by a 7-category version of the European The adjusted head count ratio clearly fulfills key requirements of a valid poverty measure in that it varies systematically by social class group within countries, and across counties in relation to national average income levels. The combined effect is reflected in the fact that the full range of variation for the M 0 measure runs from 0.005 for the higher professional managerial class in Sweden to 0.325 for the routine working class in Bulgaria -a disparity ratio of 65:1. Social class differences are substantial in every country. However, there appears to be a tendency for the strength of that relationship to increase as the national average level of income declines. In the majority of the Scandinavian counties and the Netherlands the proportion of variance accounted for by social class was in each case less than 2%. However, for a number of the less prosperous Eastern European counties the figure ranges between 6 and 16%. We will address this issue more systematically in our subsequent analysis. The cumulative effects of social class and country produces a situation whereby the most favoured social classes in the least affluent countries exhibit lower poverty rates than the least At this point we shift our focus of attention to another potentially important socio-economic variation in multidimensional poverty namely life-course. In Table 5 we show the breakdown of M 0 by age group. Very little variation across the life course is observed among the more affluent countries. For the ten countries with the highest average incomes per capita the disparity ratio summarizing the ratio of M 0 for the 65+ group to that for the <30 group does not exceed one. On the other hand for nine of the thirteen lowest income countries the value of the ratio is two or higher. In the more affluent counties the lesser importance of basic and consumption seems to mute age differences. In other words, where health deprivation comes in combination with basic deprivation it produces a clear pattern of age differentiation, On the other hand, where it is to a significant extent detached from such deprivation then that is not the case. This may be because the impact of socio-economic deprivation on health is more clearly seen in older age groups. 
Multilevel Analysis of Multidimensional Poverty
Our analysis up to this point has been conducted at the level of the individual in order to allow comparison with conventional poverty rates which are calculated at this level.
However, at this point since we wish to conduct a formal analysis of the distribution of variance in relation to the adjusted head count ratio and since the construction of the component measures is at the household level we shift our analysis to that level.
In Table 6 we present a set of hierarchical multilevel regressions with the adjusted head count ratio as dependent variable. These are appropriate to a population with a hierarchical structure where individual observations within higher level clusters, such as countries, are not independent. Taking into account such clustering allows one to avoid "the fallacy of the wrong level" involved in analysing data at one level and drawing conclusions at another and, in particular, ensures that we do not fall prey to the ecological fallacy (Hox, 2010) .
Column (i) of Table 6 shows the results for the empty model with no independent variables.
The intra-class correlation coefficient (ICC) capturing clustering between counties is 0.128.
The ICC captures the between cluster variance as a proportion of the total variance. It can also be interpreted as the expected correlation between two randomly drawn units from the same cluster. (Snijders and Bosker,1999) . In column (ii) we enter a set of variables relating to household and HRP characteristics. These comprise HPP labour force status, social class, education, marital and parental status, age group and housing tenure. The pattern of results is very much as we would have expected with M 0 being higher for the most disadvantaged educational, class and labour force status, marital and parental status and tenure groups. The inclusion of this set of variables reduces the -2 log likelihood ratio by 18,950.8 for 22 degrees of freedom. Taking into account compositional differences in relation to socio-economic attributes reduces the country variance by 15.8%, the individual variance by 10.9% and the total variance by 11.5%.
In equation (iii) we explore the impact of potentially important macroeconomic influences on multidimensional poverty. In particular, we focus on the log of gross income per capita (GNDH) and the Gini summary measure of income inequality, with both these variables calculated as deviations from the mean to make later interaction analysis easier to interpret.
Relative to the empty model, the inclusion of these two variables reduces the log likelihood ratio by a modest 40.1. Both variables are statistically significant but Gini is only marginally These variables reduce the between country variance by 77.4% and the total variance by 9.9%.
In equation (iv) The interaction terms show a consistent pattern of negative coefficients whereby socioeconomic disadvantage has a more pronounced effect at lower levels of GNDH. Similarly being in an older age group has a sharper effect in less affluent counties. Again, taking an alternative perspective, we can conclude that level of affluences is of greater consequence in explaining variations in multidimensional poverty among disadvantaged socio-economic groups than for their more favoured counterparts. For example the coefficient of 0.244 for pre-primary education indicates the effect at the mean of log GNDH. The significant negative interaction of -0.044 indicates that the effect of such education relative to third level education declines as the mean level of gross national income per capita increases and is accentuated at lower levels of affluences. Similarly the significant coefficient of -0.267 for the <30 age group shows that at the mean level of log GNDH this group is significantly less likely to be multi-dimensionally poor than the 65+ group. However, the positive interaction coefficient of 0.041 indicates that that this negative effect declines as the national income level increases and is correspondingly magnified as it decreases.
Taking into account the manner in which household and HRP socio-economic characteristics interact with national income reduces the log-likelihood figure for equation (iv) by 2,103.5 for 11 degrees of freedom. Overall the model reduces the between country variance of the empty model by 81.9%, the individual variance by 12% and the total variance by 20.9%. The multi-level model analysis confirms that the adjusted head count ratio varies systematically across socio-economic groups and countries but that a fuller understanding of these effects requires that we take into account the manner in which micro and macro factors interact. The pattern of interactions we observe is consistent with earlier analysis focusing solely on basic deprivation (Whelan and Maître, 2012a) . However, our ability to explain both within and between country variance is somewhat less.
Multidimensional Poverty and Economic Stress
In this section, in order to further explore the validity of the measure of multidimensional poverty we consider its relationship to subjective economic stress. In Table 7 The above analysis shows that, in addition to revealing expected patterns in relation to country and social class, the adjusted head count ratio is a powerful predictor of economic stress. This effect is not accounted for by its association with gross average national income per capita. A comparison with findings by Whelan and Maître (2012b) focusing on basic deprivation reveals that its impact is a good deal stronger than for H 0 . Despite the more uniform impact of the deprivation dimensions on economic stress in the censored mode, there is clearly some loss of explanatory power in subsuming different deprivation profiles under the multidimensional poverty label. Extracting the full explanatory power of the original continuous deprivation measure, required taking into account a significant interaction with the log of GNDH with the effect of basic deprivation increasing significantly as average income levels rose. The fact that this is not the case for H 0 is likely to be a consequence of these two effects cancelling each other out. Multidimensional poverty in less affluent countries involves a higher proportion of basic deprivation. However, the impact of such deprivation is greater in countries with higher income levels. The outcome is that H 0 has a uniform effect on economic stress across countries. 
Conclusions
Multidimensional approaches to measuring poverty and social exclusion have as much relevance in rich as in poorer countries and have received a good deal of attention in each, with a substantial range of methodological approaches being advanced and applied. This paper has applied to European countries the multidimensional poverty measurement approach recently developed by Alkire and Foster, characterized by a range of desirable axiomatic properties but mostly discussed so far in a development context. In doing so it has exploited the potential of newly-available harmonized and more comprehensive microdata on different aspects of deprivation for the European Union. Such an analysis requires measures of a range of dimensions exhibiting satisfactory levels of reliability, with modest variability in those levels across counties; the dimensions we have employed in our analysis have been shown to fulfil these conditions.
Our findings first demonstrate once again that what have been described as union versus intersection approaches produce sharply contrasting results. The union approach leads to rather trivial levels being defined as experiencing multidimensional poverty, certainly in the better-off of the countries covered, while the intersection approach captures a very substantial proportion of the population. Application of the Alkire and Foster approach in effect provides a middle ground characterised by a set of desirable axiomatic properties. Central to this approach is a censoring of data that counts deprivations only for those above the relevant threshold: the strength of the correlations between the deprivation dimensions is then substantially greater and the patterning of deprivation substantially more structured than for their counterparts below the threshold, as one would want in a valid indicator of multidimensional poverty and social exclusion.
In contrast to the conventional relative income poverty approach, the adjusted head count ratio approach identifies a non-trivial minority as poor in each of the countries covered. The size of this group varies in a fairly predictable manner with the country's level of average income per capita. The main source of such variation derives from corresponding variation in the multidimensional head count: while the intensity level is also related to national income, that variation is relatively modest, with those above the multidimensional threshold in every case experiencing a high level of intensity.
A decomposition of multidimensional poverty by dimension also reveals systematic variation across counties associated with national average income levels. In the less affluent counties basic and consumption deprivation play a more prominent role while in their more affluent counterparts relative income poverty and health are the key factors.
The overall level of multidimensional poverty varies significantly by national income level.
In contrast, income inequality as captured by the Gini coefficient has no such impact. It also varies systematically by socio-economic group. In order to understand the distribution of multidimensional poverty it is necessary to take into account the manner in which the latter effects vary by national level of income. The impact of key factors such as social class, education, labour force status and age are significantly stronger in low income countries.
Thus both the nature of multidimensional poverty and the extent to which it is socially stratified varies by national level of income.
The adjusted head count ratio measure was found to be strongly related to levels of selfreported economic stress, with an additional influence of national average income levels. The ability to account for both within-and between-country variance in multidimensional poverty is more restricted than it would be for a specific dimension such as the one we have termed basic deprivation.
The advantages and disadvantages of a multidimensional perspective depend on the aims of the analysis, the particular approach adopted and the manner in which it is implemented.
Furthermore, as Nolan and Whelan (2007) emphasise, the identification of those exposed to multidimensional poverty is primarily intended to help in understanding and addressing the causes of poverty; the framework employed and groups identified can aid or obscure those causal mechanisms. This is a matter of immediate policy relevance, notably in the European Union where a union approach combining three indicators (relative income poverty, material deprivation and household joblessness) has been adopted to identify those 'at risk of poverty and social exclusion' in setting and monitoring a poverty reduction target for 2020 (see Nolan and Whelan, 2011) . In this context the EU Commission (2011) argues that the computation of a single indicator is an effective way of communicating in a political environment, and a necessary tool in order to monitor 27 different national situations. However, the ad hoc manner in which the EU poverty target has been framed serves to highlight the advantages of a more structured approach such as the one proposed by Alkire and Foster and investigated here, within which the implications of crucial choices in relation to dimensions, thresholds and weighting can be assessed in a consistent and transparent way, and for which this paper is intended to serve as a base.
